(O S I A [
MICROELECTRONICS & COMPUTER

Vol.35 No. 7
July 2018

ETHEAUENBEEN F EEMEIAKE X

&M, ¥
CEARIT A (5EPHE S TR2ERE . i 200257)

WOE: R AT RO B E R B AR K AR AL AR AR X AR A A AR T R AT AR
T HDE A RAT SRR AT B R R ELA N RELRIAHENFAMN, T EL 0 Lk
REV REWEETUARMA A TR REERE L . RGP LHBE.

KB ML FRBEIEE BEMNE; BEEACHASE; HEMN

HE %S TP312 XERFRIRAD: A XEHS: 1000—7180(2018)07—0117—05

A

Adaptive Semi-Supervised Random Forest
Algorithm Based on Data Similarity
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Abstract: An adaptive semi - supervised stochastic forest algorithm based on data similarity is proposed. The coding
and mapping of labeled and unlabeled data are carried out by using random forest. The pseudo-marking of unlabeled
data is selected. Then the randomized forest is trained to improve the classification performance. The experimental
results show that the proposed algorithm can effectively use the unmarked data to improve the classification
accuracy.
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